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O que é exatamente isto?

o Growth of Global data - Zettabytes 4000 2010 Stored data® - Petabytes
Zettabyte = one million petabytes Petabyte - one quadrillion (short scale) bytes
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Do que estamos falando? ‘ .
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Propostas Atuais



. Propostas Atuais - Macro esquema
A3Data
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A3Data

Opcoes na Pratica - Open source

NoSQL . . .
databases Types Characteristics Advantages Disadvantages Scenarios
Excellent read-write Without automatic fault
: } - performance; Data tolerance and recovery 2 :
Rediz|21] . Key-value patss; persistence; Read-write  function; Not supporting Hger incormation
Simple data structure; : A : 3 storage related to ID
: 5 separation for on-line expansion : .
Key-Value High scalability; Low (key), i.e. sessions,
Memory-based data . .
Memcached query update rocessing- Distributed and Small single cache data  configuration files,
efficiency P & capacity; Not supporting parameters
[22] scalable mode; Fast 2 2
. for data persistence
processing speed
MohecDB Fast access speed,; Low read-write
[2g3] Document-based data Multiple data types; efficiency; Large space  Suitable for storing
ocument- rocessing unit; igh query efficienc occupanc og files an
D p ing uni High query efficiency pancy log files and
CouchDB Oriented Multiple data formats, Availability and Low query efficiency; analyzing data in real
'01[120 4] i.e. JSON, XML concurrency; High High maintenance time
flexibility difficulty
Fast loading speed; Low multi-conditional
Suitable for storage of large  query efficiency; Not Suitable for high
Husge [29] Coliumn:based dz.ata data; Efficient compression directly supporting SQL concurrency
Column-  storage model; High A e
; L rate statement query operation on big
Family  data correlation in the - — e ] ;
Cassandra same column family Elastic scalability; Not supporting for ACID  data; Rgal-tnme
’ 126] Flexible schema; Multi-list transactions and atomic ~ read/write access
data structures operations
Graph-based data Efficient query
Neodj [27] storage formats, i.e. performance; High Not supporting for large Suitable for relational
) Gravh- entities are vertices; performance graphics graph partition data storage,
Orieste d High data correlation algorithm recommendation
GraphDB between entities; ACID transactions and engines, community
?2p 3] Efficient query atomic operations; Multi- High complexity websites

performance model objects




Opcoes na Pratica - SAP

Connected Systems

SAP S/4HANA

SAP BW/4HANA

Distributed Runtime Pipelines & Workflows Metadata & Applications
. g Scripting Built-in Schedulin Profiling & SAP Data Services
Relafiona) .-r-,_\ T e (US, Python) é} Connectors % (¥9=77) & Discovery
Graph V‘L’ Document Templates S Meladata Lx—" Connecaty SAP LT Replication S
" Operators Catalog eplication Server
SAP Vora Engines Flow-based Applications Application Services
SAP HANA
SAP Data Hub System Management
............. O T e O i E——
.. Mull-Tenancy ii..Management {i  Management || Management | DRSS
4 SAP Cloud Applications
I (API-driven)
BaliStorages R B e e e e . -
) : Cloud Stores : i Hadoop : Open connectivity for 3% party &
Cloud / On-Premise  : P SAP Data Hub VORA Spark :
AWS S3, GCP GCS, Azure ADL & WASB i :)?)E(?nal) Adapter E T open source




I Opcoes na Pratica - Hadoop

A3Data
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Opcoes na Pratica - Cloud computing

A3Data

- User Public | Company | | Govemmentagencies | |  Management departments | Cloud Cloud
SaaS  Application Manage ment Security
Service Application field Public Service Social management  Economic regulation  Market supervision — == ¥ —
Centralized Application
~monitoring | security
Universal Application Component Service Data Service I
I : : . S Resource | Physical
< ‘ Distributed service framework Query retrieval = Data mining  Relationship discovery __»manag:mentﬂ segu:'itly
Pa © Application ‘ Distributed “ Distributed | " Data integration | "~ Data ‘ ’ — |
: : Operation Data
_ server || cache || message queue | . processing | ~ management management Security
[ % ~ Service | Cyber |
Infrastructure PN ‘management | security |
Network device Server device Storage device Safety device 1. :
laaS Application | | Host
Computing resource pools Storage resource pools | | Computing resource pools | MMMECTEL] | Seeurily
Eesouce " Virtual ‘ l Physical | l _— | Distributed | l Virtual | | Physical || | IT | System
pools _ machine | | machine | storage  network | | network || | management|  security




Hands-on DataBricks



A3Data

Hands-on DataBricks

Spark SQL Spark MLIib GraphX SparkR
Streaming ( Machine ( Graph (Ron spark)
(Streaming) learning) Computation )

Apache Spark Core API

SQL Python Scala




Obrigado !

claudio.lucio@a3data.com.br

Solucoes Cases Eu.A3 Speak Trabalhe Fale

A3Data o

Organizamos seus
dados e geramos valor
para sua empresa.




